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Source data

EUROSTAT - primary source for country-to-country migration matrix (full data for 18
countries of ESPON space, flows in both directions; incomplete data for 2 countries)

National statistical institutions (NSI) - secondary source for country-to-country
migration matrix:

NSI, stage 1 - statistical data was collected from publicly available NSI websites;

NSI, stage 2 - enquiries about the missing data (in the majority of cases, the NSIs’' responses
confirmed the prior information obtained from the preliminary research that there was a shortage of
data).

National statistical institutions (NSI) - primary source for internal migration matrix

Whole country = NUTS 2 - 7 countries
Full data sets available - 6 countries (Bulgaria, Spain, Italy, Austria, Poland, Norway)
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Data availability - country-to-country
matrix, 2018 (example)

[ EUROSTAT data [ |nsidata [ |tackofdata
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Methodology

Rules of Engagement . -
o ',’.i'.:k mixin
1. Minimize loses g
S| e lounge
[ -+ r
= preserve raw data, don't over-model o
2. Different internal / external methodology x *K
3. Aggresive counting *
= global origin vs. destination statistics dilemma unsolvable . [ . [ ] . .
. L A .Y
= local (C-C pair) dilemma unsolvable
. . . entry gates
= migrations underestimated
4. Accept heterogeneity 4 9,3
= linear models work on heterogeneous data
cl 04 | 004 02 004 012
5. No-backtracking workflow
2 0.1 | 001 005 0.01 0.03

= once estimated, cells are not “repaired” later
P 05 | 10.05 025 0.05 0.15

6. Accept flat cases occasionally c3

1.0 01 05 01 03

= year-to-year structure may be flat

7. Track data provenances (metadata)
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Methodology - R2R External Migration Flows

/ Population C

Migration Outflow R harmonization:
(NSI) —
outflow driver POP R—R Distribution Tables
GDP C 992 blocks x 10 years
Migrants Stock R-C harmon?g] _ J
(NSI) _' GDP

inflow driver @
_ R2R Matrix External
C2C Matrix 992 cells

298 x 298 cells
minus 32 diagonal blocks
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Cz04 21 z CZ04 |26.32082 0.934144 1521156 8.053384 6.339367 1.766222 1.624897 1.712312 1.054677 1.154433 1621561 1.480784 10.01762 3.118262 2.1812 1.652557 4.359239 7.944139 1.388835 7.134219 15.65025 16.80074 1.414635 11.27452
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Strongest relations
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2010-2018 dynamics
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Concentration
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Share of internal migration, distance

MIGRATION Share of domestic traffic in total traffic
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Explanatory factors:
drivers and barriers
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Explanatory factors: drivers and barriers

Drivers:

dependent variable: Mi

ration flow..

= income levels as well as the wealth of the receiving regions (with the positive sign) su.

and of the source regions (with the negative sign - gravity model);
= the affinity of languages (the very same language or the same group of languages);
= a high percentage of highly educated population in regions of origin;
= membership in the Schengen zone;

= opening of the labour markets of particular regions - the more recently a labour
market had opened up, the greater its influence on migrations (novelty effect);

= for internal migration within new (since 2004) member countries of the EU an
important spur to the flow of migrants was internal movements, frequently
undertaken for non-economic reasons;

= GDP was important for international movement, not important for internal
migration.

Major barriers:

= bad labour market in the region of (potential) destination;

= lack of metropoliesin the region - in the regions of both origin and destination,
the inter-metropolitan migrations of the staff, students, etc. are important.

17 ESPON // Interregional Relations in Europe

VARIABLES (1) (3} (4) (5} (8) (T} (8) (8} (10} (11}
0.816%*  0.820% (0731** (0851 0824 (903 (887 08747 0360 0075
popul d 0.787™* Q779" 0BT 0725 0852 0677 0631  0.828™ 0728  0.693
dist S1E11® _1805®t  _1034% _0060% _(032%= _00B4* _DOE0T* 000%™ _0043% 0980
|ag.gdp.pe.g | -0.313% 0296 0433 -0.301%*  0.434%% 0566 0272 -0.345"*
lag.gdn.pe.d | 0.184% 0276  0.382%= 0.530=* 0358= 0233 0410* 0381
Rop_den_rel 0019  0.037* 0127 0055 0042* 0013 0041  0.052**
domestic 2583 2455v  2138%:  D34gme  D4g7em  D4q7mr 234w D 4sges
language 01957 01187 0027 DOSDT 01147 DA8TTT DINTT 01§
quter.o 0.724%+  Q754= (723 0840 077 1031T 08194 (537
quter.d 1516 1507=  1190%*  1373%  {5QG= 1533 1511% {405
island_p. 0276 0244 0477+  0172* 0307 0288 0255 0376
island_d. 0.318%* 0148t  0.319% 0143  0.149% 0188 0177  0.198*=
swra.rsl 0273  0071* 0.138%* 0029 0128 -0.526" 0.108*
RIgcip el 0431 0047  0081* 0.046 0089 -0.057*  0.043 0.042
tempLrel 0.007 0000 -0.042%  -0.000 0.001  -0.021** -D.0O0S 0.005
unsmpla. 0.045 0.066* 0.018 0.047  0OT4™  0.083® 0218
unempl.d 0140 -0.209% S0.1TE Q23T 02377 02187 -0.235
sehan.rel D.421%*  Q477E 0,899+ 0BBI™ 0284= ([E9E* (403
lag_disp_ing.o -0.734%
|pa_disp.ing.d 0.487
hogdu.o, 0.381== 0396= 075" 0281 0780 0441™ (356"
98500, 0043  -0.036* 0207 -D.04 0048 -0.058* -0.078
NEW_Bu.0 0 4547
agrsh.e -0.1020
mefre.q 0.383%
mefre.d 0232
urban.o -0.276%*
urban. d -0.033
lab_mar_leng R
|ab.mark. med 0.880°
|ab_mark._short 1.305%+
EMPLY._ 0 -0.323™
SMP_SEN..0 0.109%
EMp_MLD. 10617
sme_mebilo 0.805+
Constant -9.18% 578 97E*t  _1382%* 251%™ _1305%* 085%™ _1867™* 1332 _10.37%*
Observations 665428 535178 593,870 440,183 509320 361,116 440,163 283280 440183 414,496
pseudo r{ 0387 0.402 0.518 0.492 0.480 0.471 0.483 0.582 0.487 0.489

Robust standard errors for significance tests; *** p=0.01, **

Source: Own elaboration

p=0.05,* p=0.1; the PPML estimation results.
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Pre-war situation

B

Ukrainians - inflow to regions, 2019
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Cases

Number for
%in First,| % Migrating | _ regional
Ukrainians War | Length of | Number of Contact outside |estimations in Comments
damage war refugees ESPON |ESPON Space
country .
Space minus PL,
HU, SK, RO
Case A limited short| 3500000 88 10 378 000|Total number similar to present outmigration,
taking into account returns to Ukraine (27%-30%)
Case B limited long| 4500000 70 20 900 000|Case A + 1 000 000 newcomers (internally
displaced who now decide to move abroad or
escape from occupied territories)
Case C severe short| 7000000 75 10 1260 000 [A second wave, first of all from new source regions
CaseD severe long| 10500 000 99 20 3 360 000|Two assumptions. Syrian scenario (30% of

population became refugees) and extrapolation
from the highly affected Ukrainian regions (now
the number of refugees is about 20-30% of the
population in those regions).
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Inflow of refugees from Ukraine by
region, scenarios A&D (absolute)

Ukrainians - inflow to regions, scenario A Ukrainians - inflow to regions, scenario D
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Conclusions (1)

= Europe is dominated by internal migration, usually
focused on the largest metropolitan areas.

= [nternational migration is still dominated by the east-
west flows.

= The intensity of migration in Europe is increasing
linearly.

= International migration is dominated by Germany
and the UK as receiving countries and by Poland
and Romania as sending countries.

= The importance of the UK in migration was already
declining before Brexit (with the exception of
London).

= Poland's share of migration outflows decreases, while
Romania's share increases (2010-2018).
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Conclusions (2)

MEGAs have the highest positive net migration balance, even in the
countries with a negative total balance: e.g., Warsaw, Berlin,

Budapest, Bucharest, Sofia and Athens. MIGRATION Unbalanced volume
. . . . lus minus i S
In the years 2010-2018 the migration balance became clearly higherin |’ o0 da ; o -
only a few of European MEGAs, namely Munich, Frankfurt, London, C e e 9
Berlin, and Warsaw. B ¥ 3 =
€ ! d d arsa . . 1000 000 . 0 .
There is competition for migrants from peripheral regions between 4 " 2K
Western Europe and some metropolitan areas in Central and Eastern o __.,,..'.'...:. -..
Europe. S iage oes
. . . . . $ ...‘.'.‘”0 ....o.
In many regions of CEEC, the migration balance is negative but AT Y
improving. At the same time in a number of western regions the 2B . ) b 4
situation is deteriorating (Italy, France). In others (England, Spain) the . S S . N
. . ’ ° o
balance is already negative. . <
Lower values of the concentration indicator were observed in bigger oot st L

countries, in both Western and Central-Eastern Europe. The reasons
may be polycentric settlement systems.

In peripheral countries the higher values of this indicator appeared
usually around capital units and other metropolises (draining
migrants from the direct hinterland).
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Conclusions (3)

Eastern part of the ESPON space was dominated by relative
significance of distance in inflow as compared to outflow.

Most of the countries of Western Europe presented the inverse
situation. Distance affects mainly migration outflow. S
I s0- 100
Model confirmed the significance of the associations between E| i e
migration flows and income levels and the wealth of the receiving — : Vg g
1-25 ; | A ’

and origin regions. The distance, affinity of languages and the
opening up of labour markets are the other important factors.

Further development of the war in Ukraine will affect the scale of B
territorial differences. UL JE—p—

Reality has already verified some models negatively.

*kk

Europe has no comparable migration statistics. Member States lack
basic data, not only on region-to-region, but sometimes even on
country-to-country level.
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